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Abstract—In our Innovative-Practice Full Paper, we introduce
a novel near-peer mentoring model that involves doctoral students
for mentoring in a client-facing project-based learning (PBL)
course involving teams of students working on interdisciplinary
projects. Mentoring forms the backbone for any PBL framework
and an increase in enrollment necessitates the mentoring of
a growing number of teams for instructors. We introduced a
competitive mentoring fellowship program that seeks applications
from doctoral students for mentoring project teams and awards
fellowships to the selected applicants. Every team in the course is
assigned a dedicated fellow from the program as a mentor who
provides mentoring to the team in addition to the instructors
throughout an entire semester. The program is also designed
to help doctoral students gain valuable experience mentoring a
project end-to-end. Being an interdisciplinary course, we seek
applications for mentoring from several departments across the
university and evaluate the applications based on the expertise
and knowledge of the applying doctoral students in a variety of
relevant fields. To date, we have had 32 mentors in the program
from five departments across the university. The selected fellows
are tasked not only with mentoring their respective teams but also
with attending meetings with the clients sponsoring the projects
and understanding the needs of the clients for successfully com-
pleting the project. These responsibilities additionally provide the
near-peer mentors with the experience of interacting with a client
for the best possible outcome from the project. Evaluation of the
program is done through separate surveys for enrolled students
in the course (mentees) and the fellows (near-peer mentors) in
the program. Results from our evaluation indicate that enrolled
students appreciate the additional mentoring provided by the
fellows while the fellows rate the program highly because of the
experience they gain and the professional skills, such as team
management, project management, and leadership skills, that
they develop. We discuss strategies for improving the program in
the future based on the recommendations of both the mentors and
the mentees. Additionally, we discuss the instructor’s perspective
on designing and offering the program, which has benefits for
instructors and departments as well.

Index Terms—mentoring, project based learning, interdisci-
plinary, experiential learning, academic support

I. INTRODUCTION

Project-based learning (PBL) is an effective means of expe-
riential learning inspired by the principles of constructivism.
This methodology of active learning encourages students to
understand and apply concepts, effectively resulting in context-

specific learning and the benefits of knowledge sharing, social
interactions, and achieving a goal or target [1]. The effective-
ness of PBL is especially enhanced when working in interdis-
ciplinary teams through the benefits of collaborative learning,
such as in a capstone course [2], [3]. Working on client-facing
projects has been shown to be beneficial since the students
gain the invaluable experience of working on a real-world
project and interacting with a client to understand and deliver
a product while still within an academic environment. Several
science, technology, engineering, and mathematics (STEM)
degree programs in various universities have been steadily
incorporating interdisciplinary client-facing PBL courses in
their curriculum in recent years [2], [4]. With the growing
popularity of these courses, there has been a sharp increase
in enrollment, resulting in an increasing burden of mentoring
more and more projects by the instructors. While, traditionally,
teams in these courses have been successfully mentored by
the faculty [5], the increasing enrollment necessitates the
introduction of innovative ideas to utilize available resources
within the university for a manageable workload for the
instructors.

A. Literature Review

The benefits of collaborative mentoring [6], peer mentor-
ing [7], and especially near-peer mentoring [8]–[13] for both
mentees and mentors has been widely studied and reported
in recent years, especially in medicine [14], [15] and nurs-
ing [16]. Near-peer mentoring results in mentors developing
their teaching skills and a sense of belonging in STEM,
and mentees having greater motivation and confidence as
well as improving learning outcomes and strengthening self-
efficacy [17], [18]. In addition, near-peer mentoring improves
retention and a sense of belonging in STEM for mentees,
especially women and students from underrepresented minori-
ties [19]–[21]. Further, both qualitative and quantitative studies
indicate that near-peer mentors experience a sense of being
guided by an instructor while guiding, resulting in the de-
velopment of their professional identities as researchers [22],
[23]. Near-peer mentoring has also been applied in the PBL
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scenario for first-year and second-year undergraduate students
in recent years [24]–[26].

B. Our Near-peer Mentoring Program
Thus, the implementation of near-peer mentoring in an

interdisciplinary client-facing PBL course has the promise of
unprecedented three-way benefits for all the involved parties –
the instructor, the mentors, and the enrolled students, i.e., the
mentees. The instructors can now focus more on high-level
technical details while the near-peer mentors can provide low-
to medium-level mentoring support. On the other hand, the
mentee students benefit from an additional layer of mentoring
support besides the observed benefits of having near-peer
mentors as stated before.

In designing and implementing this program, we noted a gap
in the literature on the roles and benefits of having doctoral
students as near-peer mentors for undergraduate, master’s, and
doctoral students, especially in a PBL framework. Therefore,
we report our novel study design of employing doctoral
students as near-peer mentors. Having an immersive research
experience, doctoral students are well-equipped to mentor
applied research projects but often lack the necessary skills
for the project management of a large-scale end-to-end project
and its workflow, effectively communicating with clients, and
mentoring a team of students. Our study design not only aims
to provide additional mentoring support for student mentees
but also to develop mentoring skills, communication skills, and
project management skills in the doctoral student mentors. We
envisage that our program will also enable mentors to hone
their leadership skills as they are tasked with leading a research
project, perhaps for the first time in their research careers.

C. Our Contributions
The contributions of our study are summarized below:
• the design, development, and implementation of a novel

near-peer mentoring program with doctoral students as
mentors of teams in an interdisciplinary client-facing PBL
course

• collection and analysis of feedback on the program from
both mentors and mentees

• reporting the benefits of the program to instructors and
academic departments

II. THE COURSE & THE MENTORING PROGRAM

Here, we discuss the course structure and the fellowship
program in detail. The overview, structure, and timeline of the
fellowship program vis-à-vis the course is shown in Fig. 1.

A. The Course

The mentoring program was implemented for a client-facing
interdisciplinary machine learning and data science capstone
course that was designed to impart the benefits of experiential
learning, collaborative learning, and PBL to both undergrad-
uate and graduate students [2]. Occasionally, there are a few
doctoral students enrolled in the course as well. Students from
different majors and minors, such as computer science, data
science, statistics, electrical & computer engineering, applied
mathematics, and biosciences & bioengineering, enroll in this
course. The course has a prerequisite of a machine learning
course, or in lieu of it, an extensive background in statistics,
as determined by the instructors on a case-by-case basis.

The projects offered in the course include real-world prob-
lems from industry, non-profit organizations, government and
civic bodies, hospitals and medical centers, and research labs.
The projects and the associated data are thoroughly evaluated
and vetted by one of the instructors before being offered
to students. At the beginning of the semester, the enrolled
students are asked to fill in a questionnaire that evaluates
their background in different domains of application of data
science, e.g., computer vision, natural language processing,
statistical analysis, genetics, time series analysis, and signal
processing, as well as their preference for the available projects
in that semester. The instructors then form teams by assigning
students to appropriate projects based on their backgrounds
and preferences.

The course deliverables include a presentation, a report,
and a collaboratively developed software created using version
control systems. Besides being assessed at the end of the
semester (i.e., project completion), there are two interim
checkpoints for assessment and feedback based on the project
progress. Throughout the semester, the student teams are
mentored by one of the instructors as well as the near-pear
doctoral student mentor. They are expected to have weekly
interactions not only among themselves but also with their
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Fig. 2: Distribution of the mentor group across (a) race/ethnicity, and (b) departments. (CS: Computer Science, ECE: Electrical
& Computer Engineering)

client. At project completion at the end of the semester, student
teams present their project at an open showcase and submit
their report to the instructors and the client.

The grading scheme includes both a team (presentation,
report, and software) component amounting to 70% and an
individual component (class participation, instructor’s assess-
ment of individual contribution, and self and peer evaluation)
amounting to 30% of an individual student’s grade.

B. The Mentoring Program

Two weeks before the semester starts, applications are
sought from the doctoral student community of the university
for the mentorship program. The application form consists
of a questionnaire designed to gauge the background of
the applicants in machine learning, statistics, programming,
database systems, and the different domains of application
of data science, e.g., time series analysis, signal processing,
computer vision, medical imaging, genetics, natural language
processing, and causal inference. The questionnaire also asks
applicants some behavioral questions as well as a personal
statement outlining their motivation for the program and what
they want to achieve through it.

Based on the applications received, at least two instruc-
tors evaluate and shortlist the applications based on their
research and technical background, responses to behavioral
questions, and personal statements. Preference is given to
doctoral students in their third year or above, or those with
prior work and/or research experience. From the pool of
shortlisted candidates, appropriate mentors are assigned to
particular projects based on how their background aligns with
the technical skills required for a project, each mentor being
assigned a single project. Mentoring of student teams begins
in the second week of class.

The doctoral student mentors have clearly defined respon-
sibilities and time commitments in the program. The primary

responsibilities of the mentor include attending two weekly
meetings, one with the students for mentoring where the
mentor plays an active role, and the other one being a student-
led meeting between the student team and the client. Besides
these meetings, the mentors have the responsibility of meeting
the team or the instructor as needed, responding to emails
or other messages on professional messaging platforms, and
reviewing the report and the software of their team to provide
feedback from time to time. The expected time commitment
of every mentor is approximately 2 hours every week for a
total of about 30 hours over the course of the semester.

Overall, the near-peer mentor helps the team with literature
review; developing the student team’s skills of how to search,
read, and understand relevant publications; understanding tech-
nical concepts; preparing and providing technical resources
(e.g., software packages, libraries, code repositories, and tu-
torials) to the team with the instructor’s guidance; how to
use reference management software; how to structure reports;
and providing code review and feedback. In addition, they are
also tasked with helping the instructor evaluate and assess the
individual contribution of the students towards the project.

It is to be noted that the mentoring program is set up
and referred to as a “research mentoring fellowship program”
and the mentors are officially termed as fellow mentors. A
fellowship amount is awarded to the mentors in recognition
of their efforts, time, and contribution to student learning and
service to the student community.

III. COLLECTION OF FEEDBACK

To evaluate the usefulness of the program, we collected
feedback from both the mentors and the mentees through sepa-
rate questionnaires. The questionnaires had questions requiring
responses on a Likert scale as well as free-text responses. We
describe the questionnaires in detail below. All collection of
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feedback was anonymous and categorized by the university’s
Institutional Review Board (IRB) as exempt.

A. Feedback from Mentees

The students enrolled in the course were asked to submit
their responses to an anonymous exit survey that contained
various questions about the course itself. Embedded in this
survey were 6 questions related to the mentoring program,
out of which 1 question was a free-text response asking
for comments and the remaining 5 questions were on a 5-
point Likert scale: strongly disagree (1), disagree (2), neutral
(3), agree (4), and strongly agree (5). These questions were
designed to understand the efficacy of the mentoring program,
the type of help they received, and the commitment of the
mentor.

The questions were as follows:
• Your fellow mentor helped you with technical aspects.

(5-point Likert scale)
• Your fellow mentor provided you feedback on presenta-

tion, report, and software. (5-point Likert scale)
• Your performance in the course benefited from having

a fellow mentor in addition to your faculty/instructor
mentor. (5-point Likert scale)

• Your fellow mentor spent sufficient time with the team
to provide advice and mentorship. (5-point Likert scale)

• You would have preferred more engagement from your
fellow mentor. (5-point Likert scale)

• Any comments on your fellow mentor. (free text)

B. Feedback from Mentors

At the end of the project, the mentors were asked to
submit their responses to an anonymous survey questionnaire.
The questionnaire had 8 questions on a 5-point Likert scale:
strongly disagree (1), disagree (2), neutral (3), agree (4),
and strongly agree (5). The questionnaire was designed to
understand if the mentors benefited from the program and in

what ways. In addition, there was also an option for free-text
response.

The questions were as follows:
• The program helped me in my professional growth (5-

point Likert scale)
• I developed/gained mentoring skills (5-point Likert scale)
• The program increased my sense of belonging in STEM

(5-point Likert scale)
• I gained project management skills (5-point Likert scale)
• I gained skills for managing a team (5-point Likert scale)
• I am more confident now in managing a research project

end-to-end (5-point Likert scale)
• I developed leadership skills (5-point Likert scale)
• The program was helpful for my research career (5-point

Likert scale)
• Comments (free text)

IV. RESULTS & ANALYSIS

We report survey results collected over three past semesters
of the fellowship program. To understand the context of the
results of the survey questionnaires, we first present general
demographic information about the students enrolled in the
course as well as those of the mentors. The demographic
information of these two groups shows us the diversity of
both the mentors and the mentees in terms of gender, race,
and academic department.

A. Demographic information

1) Mentees: The total number of enrolled students in this
course over 3 semesters of reported data was n = 166. Out
of these, there were 51.2% undergraduate (n = 85), 43.4%
master’s (n = 72), and 5.4% doctoral students (n = 9). In
terms of gender distribution, the student group was 62% male
(n = 104), 35.5% female (n = 59), 1.2% non-binary (n =
2), and 0.6% (n = 1) students preferred not to answer. We
show the race/ethnicity distribution in Figure 3a. Note that
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Fig. 5: Word cloud of the comments (free-text responses) in
the feedback from the mentors.

we have considered all Asians under one category although
the students might identify themselves with different smaller
ethnic or geographic groups.

Given the interdisciplinary nature of the course, students
from different departments, majors, and minors were enrolled
in the course, such as Computer Science, Electrical & Com-
puter Engineering, Statistics, Data Science, and Biosciences &
Bioengineering. In addition, there were a few students from
Physics, Mathematics, Applied Mathematics, Social Policy
Analysis, Political Science, Linguistics, Economics, and other
departments across the university: these have been categorized
into a single group called “Others”. The distribution of stu-
dents by academic disciplines is shown in Figure 3b.

2) Mentors: In total, we had n = 32 near-peer doctoral
student mentors in the program over 3 semesters, each mentor
dedicated to mentoring a single group project. In this group,
75% were male (n = 24) and 25% were female (n = 8). The
distribution of the mentor group in terms of race/ethnicity is
shown in Fig. 2a. It was observed that there were no mentors
who identified themselves as black. In fact, we observed
that there were no applicants in the program who identified
themselves as black. Once again, we note that all Asians were
grouped into one category even though they might identify
themselves with different smaller racial or ethnic groups.

Similar to the student mentee group, the distribution of the
mentors across departments shows a remarkable diversity due
to the interdisciplinary nature of the course. This distribution
is shown in Fig. 2b.

B. Survey Feedback Data
As described in Section III, feedback was collected from

both the mentees and the mentors to evaluate the effectiveness
and other aspects of the program for both groups. Here, we
present the results from the collected feedback.

1) Mentees: Out of the 166 students, the feedback was
completed by 121 students (72.89%). Results from the Likert
scale responses in the survey collected from the mentees are
shown in Fig. 6, with the average of the responses indicated
on the right. The scale indicates 1 for the lowest rating or
“strongly disagree” to 5 for the highest rating or “strongly
agree”. The questions have been suitably and meaningfully
abridged in the figure for practical purposes.

The results are summarized below:
• The average rating for a mentor was 4.4 with 83.5%

indicating a rating of 4 or above for their mentor; 12.4%
rated their mentor 3 (neutral); the remaining 4.1% of the
students indicated a low rating of 2 or below.

• 81.8% of the respondents agreed or strongly agreed with
receiving technical help from their mentor; 12.4% were
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neutral; 5.8% disagreed or strongly disagreed (average
rating of 4.3)

• 78.5% of the respondents agreed or strongly agreed with
having received feedback on their course deliverables,
i.e., report, presentation, and software; 10.7% were neu-
tral; 10.8% disagreed or strongly disagreed (average of
4.2)

• 82.7% of the respondents agreed or strongly agreed that
their performance in the course benefited from having a
near-peer mentor; 9.1% were neutral; 8.2% disagreed or
strongly disagreed (average of 4.4)

• 76.9% of the respondents agreed or strongly agreed that
the mentor spent sufficient time with the team; 13.2%
were neutral; 9.9% disagreed or strongly disagreed (av-

erage of 4.2)
• 49.6% of the respondents agreed or strongly agreed that

they would prefer more engagement from the mentors;
24% were neutral; 26.4% disagreed or strongly disagreed
(average of 3.4)

A word cloud generated from the free-text responses is
shown in Fig. 7. Words indicating positive responses, such
as “good”, “great”, “helpful”, “help”, “supportive”, “advice”,
“knowledgeable”, “supportive”, “lot”, and “provided”, can be
clearly seen in the word cloud. Based on the responses, this
indicates a generally positive attitude toward the mentoring
program.

However, to identify the areas of improvement in the
program and to ensure that the benefits to the mentees are
maximized, we evaluated the free-text responses from the
respondents who rated their mentor 2 or below in any of
the questions. In particular, we would like to highlight the
following excerpts from the comments of these respondents:

“He had minimal contribution to our project.”

“He did not give our team enough support...”

“She helped us with some stuff but not as helpful as we
hope for her to be...”

“We have seen him 2 or 3 times and did not have basically
any discussions”

“I do not think [name redacted] was very effective in
giving us advice/I felt like his advice was not good. He
was involved a good amount but it did not positively
impact the team, in my opinion.”

“They were not involved”

“She was a nice person, but she wasn’t there for a good
amount of the time. I think if she was more present and
if she took the class before, she can provide us more tips
on how to succeed in the class.”



These comments indicate that mentors were rated poorly
when they were not present, not involved, or did not provide
enough support to the team as needed. In one instance, we
noted that the assignment of a mentor to the team might not
have been a good match with their background and skill set.

2) Mentors: Over 3 semesters, the program had a total of
32 mentors. All of them provided feedback on the program.
Results from the questions requiring responses on a Likert
scale are shown in Fig. 4. The average values for the responses
are shown on the right. Similar to the mentee feedback, the
scale indicates 5 for the highest rating or “strongly agree” to
1 for the lowest rating or “strongly disagree”. The questions
have been suitably abridged in the figure.

In general, we noted an overwhelmingly positive response
from the mentors for the program. The results are summarized
below:

• 96.9% of the mentors agreed or strongly agreed that the
program helped in their professional growth; 3.1% (only
1 mentor) were neutral (average of 4.8)

• All the mentors agreed or strongly agreed that they gained
mentoring skills from the program (average of 4.9)

• All the mentors agreed or strongly agreed that the
program improved their sense of belonging in STEM
(average of 4.9)

• All the mentors agreed or strongly agreed that they gained
project management skills (average of 4.9)

• All the mentors agreed or strongly agreed that they gained
skills for managing a team (average of 4.9)

• All the mentors agreed or strongly agreed that they now
felt more confident in managing a research project end-
to-end (average of 5.0)

• All the mentors agreed or strongly agreed that they
developed leadership skills (average of 5.0)

• 96.9% of the mentors agreed or strongly agreed that
the program helped their research career; 3.1% (only 1
mentor) were neutral (average of 4.8)

A word cloud was created using the comments from the
mentors submitted as free-text responses, as shown in Fig. 5.
Clearly visible words in the word cloud include “experience”,
“skills”, “learned”, “career”, “great”, “loved”, “useful”, and
“gained”. This further indicates a very positive response to-
wards the program.

To find avenues for improvement, we evaluated all the
responses to identify any suggestions for improvement. We
noted the following comment indicating the usefulness of
a training session for the mentors at the beginning of the
semester:

“The program was great. It can benefit from having a
training session at the beginning.”

V. DISCUSSION

Near-peer mentoring is a proven mentoring paradigm that
benefits both mentors and mentees learn new skills and ad-
vance in their professional careers in the long run. While im-
provement in self-efficacy and a feeling of belonging in STEM

are widely reported outcomes, we would also like to stress
the development of crucial professional skills and transferable
skills, such as team management, project management, and
leadership skills, for both mentors and mentees. In particular,
we would like to emphasize the importance of developing
communication skills for both groups in the process.

A widely acknowledged benefit of the near-peer mentoring
model is how the mentees learn better through the process by
feeling more connected to and developing a rapport with their
near-peer mentors than with instructors [15], [27], [28] and
often develop meaningful lasting professional relationships
beyond the program [29]. Near-peer mentors and mentees
often engage as partners as opposed to the inherent hierarchical
power structure between instructors and students. This behav-
ior benefits both groups in terms of professional development
and growth [19].

Mentees benefit from near-peer mentoring not only through
the cultivation of lasting relationships but also through an
increase in self-efficacy that particularly helps in the retention
of women and underrepresented minorities in STEM disci-
plines [9], [20], [30].

We observed gender and racial disparities in the mentor
applications. While we understand that this reflects the existing
disparities in the doctoral student population at the university,
we will actively seek to encourage more women and under-
represented minorities to apply to the mentoring program in
the future.

Besides mentoring support, our program was also designed
to help student mentees receive feedback from mentors if
needed. This process was envisaged as a useful loop for
continuous improvement on the part of the mentees by in-
teracting more with their near-peer mentors instead of the
instructor, keeping in mind that near-peer mentors share a
possibly closer relationship [15] as well as the useful role of
frequent constructive feedback [31].

A unique perspective in which near-peer mentoring can
be viewed is as a “learning-centered mentorship” where the
mentor also goes through a learning process [32]. This is
evident from the responses of the mentors as seen in Fig. 5. In
this mentoring model, authority and autonomy in the learning
process flow in multiple directions, as opposed to only having
an instructor as a mentor for a team. For example, there is a
lateral flow in the form of collaboration, a three-fold top-down
flow (instructor – near-peer mentor; instructor – students;
near-peer mentor – students, i.e., mentees) in the form of
supervising, as well as bottom-up in the form of continuous
learning for the instructor and gaining different sets of skills
for the near-peer mentor. This sets up the entire classroom as
a backdrop for interactive learners at all levels.

Besides gaining mentoring skills, we also note how the
mentors felt that the program was helpful in advancing their
career and the development or gaining of professional skills
(such as project management, managing teams, and leadership
skills) useful for their future, research or otherwise. This
aligns with similar observations in prior studies, which indicate
“learning while mentoring” as an important outcome of near-



peer mentoring programs [33]. This is also observed in Fig. 5,
where both “learned” and “mentoring” are prominent words.
The findings in our study also reaffirm the enhancement in
self-competency beliefs and gaining of confidence for mentors
through near-peer mentoring that has been reported in prior
studies [34].

Due to the client-facing aspect of the course, the mentors
also gain valuable experience in meeting with clients and spon-
sors, understanding what the desired outcomes for the project
are, and helping the student team achieve those objectives.
This added benefit of the program for the mentors would
not otherwise have been available to doctoral students at the
university.

In our study, we observed and wish to strongly emphasize a
benefit of the near-peer mentoring program that has not been
widely reported in literature – the benefit to the instructors
and the departments in managing large PBL classes. With
growing enrollment, instructors are often forced to cap the
enrollment in courses and turn away students, resulting in
“forced gatekeeping” due to a lack of personnel and resources.
Our model provides the means to scale up PBL courses with
the mentoring responsibilities now being shared between the
instructors and the near-peer mentors.

For universities with a sizeable community of doctoral stu-
dents, this untapped resource can be effectively utilized for this
purpose. Besides a monetary incentive, doctoral students in the
program have the opportunity to gain experience in a variety
of professional skills that might otherwise not be available to
them in the university. In particular, it is easier to find and
recruit an adequate number of mentors for interdisciplinary
courses as doctoral students from various departments and
backgrounds might be eligible to mentor in the program.

While near-peer mentors can impart certain skills such
as how to search for appropriate publications, how to read
and glean information from publications, how to use refer-
ence management software, how to structure reports, how
to structure software repositories, and choosing appropriate
libraries and packages, the instructor can now focus more on
advising related to high-level tasks such as technical details of
methods and algorithms, how to choose appropriate methods
for particular problems, the tuning of model parameters and
hyperparameters, and other technical details. However, this
does not preclude the near-peer advisors from advising the
team on high-level technical details – they would be welcome
to collaborate with the instructor on these tasks based on their
expertise and depth of knowledge in the subject area. Some
tasks, such as sharing appropriate resources for learning, e.g.,
papers, tutorials, and technical reports, with the students, are
shared between the near-peer mentors and instructors.

The near-peer mentors also provide advice and feedback on
the presentations, reports, and software to the team if they
request it. In the absence of these mentors, the instructors
would have to perform this task, which might become a large
workload for larger PBL classes with more enrollment. This
is another aspect of this model that eases the workload of the
instructor by the sharing of responsibilities with the near-peer

mentors.
For further improvement of the program in the future, we

wish to implement the suggestion of one of the mentors by
having a training session for the mentors at the beginning of
the semester. In this training session, we plan to incorporate
relevant topics and discussions, including best practices for
mentoring, how to be a successful mentor, what the student
mentees expect from a good mentor, and the best practices
for communicating with mentees and clients. Since a large
population of doctoral students are not familiar with the
best practices in mentoring and have no prior experience
in mentoring, we anticipate this training to be invaluable in
helping them understand their roles, responsibilities, and other
nuances associated with mentoring.

Taking into consideration the responses from the mentees,
we also plan to incorporate mechanisms for obtaining feedback
from the mentees at multiple checkpoints during the semester
to gauge the involvement of their mentor and intervene if we
note that the mentees would prefer more involvement and
engagement from the mentor. Based on the feedback, the
intervention could include discussing the responsibilities and
time commitment with the respective mentor, and reiterating
the discussions during the training session as needed. We
believe that these steps in the future will try to improve on
the perceived shortcomings of the program both from the
perspective of the mentors and the mentees.

VI. CONCLUSION

In this study, we report the design and implementation of
a novel near-peer mentoring program where doctoral students
act as mentors for teams in an interdisciplinary client-facing
project-based learning (PBL) course. Our model benefits all
three groups involved in the course – instructor, mentor, and
students, i.e., mentees. We collect and analyze feedback from
the mentors and the mentees and show how the program is
perceived to be effective by both these groups. Our obser-
vations emphasize the benefits of introducing this mentoring
model in PBL classrooms. We also offer the perspectives of
the instructor regarding the benefits of the program to the
instructor and the department in trying to scale up PBL courses
with the help of near-peer mentors.
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